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Abstract

We derive diffusion constants and martingales for senile random walks
with the help of a time-change. We provide direct computations of the
diffusion constants for the time-changed walks. Alternatively, the values of
these constants can be derived from martingales associated with the time-
changed walks. Using an inverse time-change, the diffusion constants for
senile random walks are then obtained via these martingales. When the
walks are diffusive, weak convergence to Brownian motion can be shown
using a martingale central limit theorem.

1 Introduction and general framework

In this paper we study random walks on Z? for dimensions d > 1, which can be
viewed as time-changes of random walks that were named senile reinforced and
senile persistent random walks in [4]. We will use this terminology also in this
paper, although senile persistent random walks were originally introduced and
studied under the name of directionally reinforced random walks in [6, 7]. We
would like to note that the reinforcement of senile random walks is of a different
kind than that of more traditional edge reinforced random walks, as introduced
by Coppersmith and Diaconis [3]. For more details and discussion, we refer to
the introductions and references in [4, 6, 7], and to the recent survey paper [8]
on reinforced random processes.

Recurrence and transience properties of senile random walks were studied in
the papers [4, 7], and scaling limits are identified in [5, 6]. In this paper, rather
than taking the senile random walks themselves as our starting point, we start
by studying other random walks that are later interpreted as time-changes of
senile random walks. The idea of looking at these time-changed walks is not
new, and has also been used in the mentioned references. However, this paper
presents a different approach to identify the diffusion constants and weak limits
of the walks under study, using mainly martingale techniques.

Indeed, below we will provide new, “direct” calculations of the diffusion
constants for the time-changed random walks, and we show that these random
walks are close to martingales (for the persistent case, this has also been observed



in [6]). Using martingale theory, we can then derive the diffusion constants for
the senile random walks by an inverse time-change. This confirms that Theo-
rem 2.5 in [4] holds under a slightly weaker moment condition, as conjectured by
the authors. Finally, we will show that under appropriate conditions for which
the walks are diffusive, weak convergence of senile random walks to Brownian
motion follows from a martingale central limit theorem.

We will now introduce a general framework for the time-changed walks
we want to study below. Generally, the walks are described by a sequence
W = (Wi, Wa,...) of random variables taking values in Z?. For each n €
N := {1,2,...}, we will write W,, (the position at time n) as the sum of n
random steps, where the mth step (m € N) has a direction D,, taking values
in {ey,ea,...,e24}, the unit vectors of Z%, and a length L,, € {0,1,2,...}.

Actually, for the single purpose of relating our walks to senile random walks
later on, we will write each step length L,, as a function of a random variable T},
taking values in N = {1,2,...}. These variables T}, are i.i.d. (hence, so are the
step lengths) and define the random time-change linking our random walks to
senile random walks. Below, we will use the notation T for a generic variable
distributed as any one of the T},. The distribution of the random times T}, is
specified in terms of a function f : N — [—1,00) (the reinforcement function)
by P(T'>1) =1 and

k—1

P(T>k) =[]

=1

1+ f(D)
0+ 1) for k=2,3,... (1.1)
This specific form of the distribution of the T, is introduced only to make
the link with senile random walk. For now, we do not put any restrictions on
the function f, but later on, we will require that either IE(T) is finite or both
IE(TQ) and E(T) are finite, depending on whether we consider the persistent or
the reinforced case.
Thus, following the description above, we can write

Wp:=Y DpLy, forallneN, (1.2)
m=1

where the laws of the D,, and L,, are yet to be specified. In sections 2 and 3 we
consider two specific instances of this general class of random walks, related to
senile persistent and senile reinforced random walks, respectively. Our first aim
will be to compute the diffusion constants for these walks, which for a general
walk X = (X3, Xs,...) is defined by

.1 2
Cx = nlgr;oﬁE“X"l ) (1.3)
provided the limit exists and is finite. To find the diffusion constants for the
senile random walks, we will then make use of martingales associated with the
time-changed walks, and these martingales will also be used to prove weak
convergence to Brownian motion when the senile walks are diffusive.



2 The persistent case

We start with the persistent case, for which the definition of the walk is some-
what easier than in the reinforced case, but the analysis is harder. In this case,
we take

Ly, =T, for all m € N, (2.1)

and the directions of different steps obey the rule that the direction at each
step has to be different from the direction at the previous step, but all re-
maining choices of direction are equally likely. Formally, this means that the
directions D,, satisfy

1
P(D;=¢;) = % for each i =1,2,...,2d, (2.2)

and for all m € N,

1

IP(D’H'L-"-I = €; | DT)'L) - ﬁ

1(D,, #¢;) foreachi=1,2,...,2d, (2.3)
where 1(A) is the indicator of the event A. Equations (2.1)—(2.3) completely
specify the law of the random walk defined by (1.2). For the remainder of this
section we will write W? = (W}, WP, ...) for this walk, where the superscript p
is used to single out the persistent case studied here.

2.1 Direct calculation of the diffusion constant

We will now provide a direct calculation of the diffusion constant for the random
walk WP defined above. It will be clear from the computation that we have to
require that IE(T?) < oo (which implies E(T) < oo). The diffusion constant is
then given by the following proposition.

Proposition 2.1. Assume ]E(TQ) < o0o0. Then the diffusion constant of the
random walk WP is given by

2\ 2
CP := lim lIE(|W;;|2) = dE(T?) — B(T) )

n—oo N, d
Proof. 1t is easy to see that

n—1 n—k

E(WF?) =nE(T?) +2 Y > E(Dn - Dtk Lin L), (2.4)
k=1 m=1

where for all m, k > 1, by independence of the step lengths,
E(Dy, - Dok LinLins i) = B(T)? E(D,y, - Dpnyr). (2.5)

Now note that on the event E,x := {Dmtk—1+ Dtk = 0}, Dy, - Dppyi takes
on the values +1 with equal probabilities, by (2.3). On the other hand, on the



complementary event £ . we have that D, r = —Dp4r—1. Therefore, using
independence again,

E(Dy - Drnit) = E(Dry - Dyt 1(Ei)) — E(Dyy - Dyt 1(ES,1))

1 (2.6)
= _2d 1 ]E(Dm . Dm+k71)~

Iterating this recursion relation, it follows that

-1

E (Dp, - Dyyie) = (261_1>k' (2.7)

Plugging this expression into (2.4), we obtain
1 k
—1
1(”_k) <2d— 1>
N 2d —1 -1 \" )
2d2 2d — 1 '

By (1.3), this equation identifies the value of the diffusion constant if we take
the limit n — oo. O

S
|

E(W?) = nE(T?) + 2E(T)’

(]

(2.8)

als

=nE(T?) - E(T)* (

2.2 Martingales for the persistent random walk

The purpose of this subsection is to show that the walk WP is within bounded
distance from a martingale at each step. More precisely, we will see that adding
a correction of constant length to each position WP gives us a martingale. In
fact, the proof of Proposition 2.2 below identifies a second martingale by di-
rect calculation, which can be used to provide an alternative derivation of the
diffusion constant for the walk WP.

To state our result, we introduce the filtration {F,, : n € N}, where

Frn = O'(Dl,Tl,DQ,TQ,...,Dn,Tn) for all n € IN. (29)
Now define a new random walk M? by

E(T
MP .= WP — % D, for all n € N. (2.10)
As before, we assume that ]E(TQ) < 00. Then the following proposition identifies
two martingales associated with the walk WP.

Proposition 2.2. Let CP be the diffusion constant appearing in Proposition 2.1.
Then {(MZ,F,) : n € N} and {(|M2|* —nCP,F,) : n € N} are martingales.

Proof. The essential ingredients for the proof are: (i) that the events E,; :=
{Dy, - Dp41 = 0} and its complement ES; are independent of the events in F,,



(ii) that on the event ES;, D, 1 = —D,, and (iii) that on the event E,1, Dy 1
is distributed symmetrically (orthogonal to D,,). Observing that

E(T E(T
M£+1 MP + 2(d) D, + Dy (Ln+1 - 2(d)) , (2.11)

it is then not difficult to verify that
E(Myyy | Fo) = B(M7 0 1(Bm) | Fo) + B(M 1(ER) | Fa)

_ . (2.12)
Next we use (2.11) again, as well as |D,|?> = 1, to compute
Mz = g B e B
+D, - Mﬁw +2Dpyq1 - MP (Ln+l — ]E(T)>
d 2d
+ # Dy - Do (LnH - Eé?) . (2.13)

In the same way as before, a straightforward calculation now leads to
(| n+1‘2 | fn) - (| +1|2 nl | ]'— ) +IE(| +1‘2 ’rcLl) | fn)
dE(T?) — E(T)?
d )

= [ME]? +
(2.14)

confirming the proposition. O

2.3 Connection with senile persistent random walk

As alluded to in the introduction, the random walk WP studied above can
be seen as a time-change of another random walk S?, called senile persistent
random walk, sampled at the random times

=Y T forallneN. (2.15)

The connection between the two walks is best established through the inverse
of this time-change. That is, we introduce the random map 7=! : N — N by
setting

ol i=inf{m € N: 71, >n} for each n € N. (2.16)

n

Thus, for any point w of the sample space, 7,,}(w) is the time m such that
7‘m_1( ) is less than n and 7,,(w) is at least n. Note that for every n € N, 7,1
is a stopping time with respect to the filtration {F, : n € N}, since (setting
70 :=0)
k
—1 . o
{rt<k}= U {Tm-1 <n <1} ={n<mn} e F. (2.17)

m=1



We also remark that 7,1 < n a.s., since 7, is necessarily at least equal to n.
The senile persistent random walk SP can now be defined by

Shi=W' +D_1(n—7 1) forallm=1,2,..., (2.18)
where 7, -1 = Z:;EIIT . It is not obvious from this formal definition how

the Walk “sp behaves, so let us discuss this in more detail. First observe that
SP = WP, so that we can indeed interpret W? as the senile random walk S?
sampled at the times 7,,. Next we note that by (2.18), in between times 7,1
and 7,, the walk moves in a straight line from the position W,,_; to W,,, taking
steps of unit length. Therefore, we see that the random walk S? is a walk which
persists to move in a given direction for a random time distributed like T, then
chooses a new direction at random, moves in that direction for a random time
distributed again like 7', and so on.

It is now instructive to interpret the role of the function f appearing in the
distribution (1.1) of the random times 7), from the behaviour of the walk S?P.
Looking at equation (1.1), we see that the walk SP, after having moved in the
same direction for n steps, chooses to make the next step again in the same
direction with a probability given by (1+ f(n))/(2d + f(n)). Furthermore, all
other choices of direction for the next step are equally likely. This description
of the walk SP corresponds to how the model was originally defined in [7].

Our next objective is to find the diffusion constant for the senile persistent
random walk SP. It is given by the following result.

Proposition 2.3. Suppose that IE(TQ) < 0. Then the diffusion constant of
the senile persistent random walk SP is given by
dIE(TZ) E(T)? cr

nllnéoﬁ US2°) = —gmm = 5@y

Proof. The key observation is that at time n, SP is not far from MP at the
stopping time 7,, 1. To be precise, from the definitions (2.10) and (2.18) we see
that for all n € N,

E(T
SP=M",+D (éd) . ) = M"_, + X, (2.19)

where we have introduced X? to denote the difference between S? and M f )
By the triangle inequality and Holder’s inequality, we then have

[E(1s22 = (M2 - 1X27)| < 2/ E(M7LP)E(XEP).  (220)
Observe that | X?| is bounded by the sum of a constant and the term 7_ -1,

which takes values between 0 and T’ 1. Therefore, to prove Proposmon 2.3, it
suffices to show that, on the one hand

(2.21)

. l o2y dIE(T2) —]E(T)2
i L BOMELE) = —— 5@



and on the other hand,

lim_ % E(T2..) = 0. (2.22)
We will now show (2.21) and (2.22) by appealing to Proposition 2.2 and the law
of large numbers for the random times 7.

First we will prove (2.21). To ease the notation, we shall write C? for the
diffusion constant of the walk WP appearing in Proposition 2.1. Now we observe
that (by standard martingale theory, see e.g. [1, Theorem 6.7.3]) Proposition 2.2
and the fact that L Ty 1 ... is an increasing sequence of stopping times imply
that the process

{IMF_,|> = 7,1 CP:n € N} (2.23)

is a martingale with respect to the filtration {.7-"7771 tn € ]N} defined by

Foo={AeF:An{r, ' <k} e Fpforallk=1,2,...,n}. (2.24)

Therefore,
1 1
lim ~E(M" >~ 7,;1CP) = lim — E(|M?|>—CP) =0. (2.25)
n—oo n Tn n—oo N

But the strong law of large numbers dictates that n =17, 22 E(T'), from which

it follows that n= 17,1 225 B(T)~'. Since 7, < n a.s., we therefore have
1 1
lim —E(r,') = ——= 2.26
Jim B E(T) (2.26)

by bounded convergence. Together with (2.25), this implies (2.21).
It remains to show (2.22). To this end, we write

! E(T?.,) =

n Tn

S EB(TE (s, = k). (2.27)
k=1

Fix e > 0 small and set ky = [n (E(T)~! £ ¢€)|. We will split the sum over k

in (2.27) into three contributions with k- < k < ki, k > ky and k < k_,

respectively, and show that each contribution is either of order € or vanishes as

n — oo. For the first contribution, we have

S

n

by by
% Y E(TRi(r,'=k) < % > E(T}) — 26E(T?) asn—oo. (2.28)
k=k_ k=k_

Next we recall that {7,,1 = k} = {7x_1 < n, 7% > n}, from which it follows that
1(r,;t = k) < 1(15—1 < n). Since for all k,m € N, P(7x1m < n) < P(1p < n),
we therefore have

S|

1 n n
= > E(T?i(r,' =k) < > E(T})P(r-1 <n)
" L1 k=ky+1 (2.29)

<P, < n)lE(Tz).



This contribution to (2.27) vanishes in the limit n — oo by the law of large
numbers for 7,,.

To deal with the last contribution to (2.27), we set § := £IE(T) ¢, and observe
that 1(7,! = k, T < dn) < ]l(rk_l > (1- §)n) Since for all k,m € N,
]P(Tk_m >(1- 5)n) < ]P(Tk >(1- 5)n), we therefore have

k_—1
% 3 {]E(T,f L(ry ! =k, Tk < on)) + B(T21(r; " = k, Tj > 5n))]
k=1
<P(rp_ > (1=6)n) E(T?) + E(T? (T > én)) (2.30)

in the same way as before. By the law of large numbers and the assumption that
IE(TQ) < 00, this contribution also vanishes as n — co. We have shown that the
expression (2.27) can be made arbitrarily small for n — oo, which proves (2.22).
This completes the proof of Proposition 2.3. O

2.4 Weak convergence to Brownian motion

We will now show weak convergence of SP to Brownian motion, by applying
a martingale central limit theorem to the martingale {M f _, : n € N} studied
above. We follow Billingsley [2, Section 18]. Let DI0, o) 'be the metric space
of right-continuous real functions on [0, 00) with left-hand limits which has the
Skorohod topology, as in [2, Section 16]. Generally, we will denote by W stan-
dard Brownian motion on any functional space under consideration, and we
write =,, to denote weak convergence with n. Setting Sy := 0, for the senile
persistent random walk, the following holds:

Theorem 2.4. Assume E(T?) < co. For everyt >0 and n € N, define

n._ JAET) o
7y =\ STy (2.31)

where CP is the diffusion constant of WP appearing in Proposition 2.1. Then
Z" =, W in the sense of D[0,00)<.

Proof. First we recall that SP is close to an_l, as expressed by (2.19) in the
proof of Proposition 2.3. In fact, the proof of Proposition 2.3 shows that the
contribution from the correction term X7? vanishes, that is, Xfm | /v/n =5 0
for every t > 0. Therefore, it suffices to prove weak convergence to Brownian
motion for Mf_l.

We recall that {Mf;1 :n € N} is a martingale with respect to the filtration

F = {.7:7;1 :n € N} defined by (2.24). Let us now write Mi,l, 1=1,2,....,d,



for the one-dimensional marginals of M f _,. For each n € N, define

dE(T)

= T MTfl i=1,2,...,d; (2.32)
; dE(T) i )
G =1 Sy (MTk M;h) i=1,2,....d k=23,... (2.33)

Then for each i, the £, form a triangular array of martingale differences with
respect to the filtration F := {.7-'7;1 1k e N}

By (2.11) we have for k > 2

Sl = 105" A7 [Pl ot 5 (02, 00
/dfj‘ch 3 = lka_—ll =1-1) (Ll + E(dT)> (2.34)
_ ﬂ/d:lEéf) ;MTM —k-1) (Tl+]E(dT)>.

Setting 79 := 0, it is clear that this bound also holds for k = 1.
Now fix € > 0 and set § := e,/C?/dE(T). Then from the bound on [¢/,|,
it follows that for n sufficiently large we have that

Z ]E ‘fnk| > 6))

k<nt

= 2i]Ec(pT) E{ D2 Una=k-DTPUT 2 6Vn)|. (23)

k<nt 1<k

Interchanging the order of summation and using that Z,Eitlj 1(rm-1 =k-1) <1,
we arrive at

> E(E? gkl > ) < 200 ST prpam s avi). (236)

k<nt I<nt

Since the 7; are i.i.d. and IE(TQ) < 00, we conclude that for every ¢ > 0,

> E((Ew)> L&kl = ) —n 0. (2.37)
k<nt
Now put _

(on)? = E((Ew) | F 1), (2.38)
where we define F_ -1 to be the trivial o-field {@, Q1}. By Proposition 2.2 and
the symmetry of our random walks, for every i =1,2,...,d,

{((Mj_l)2 —r-lcr/d, fil) ‘ne ]N} (2.39)



is a martingale. Therefore, for k > 2,

(0_1 )2 — dE(T) E (Mi,1)2 4 (M1'71 )2 _ 2Mi,1Mi,1 F
nk nCP Tk Te—1 Tk Th—1 Tr—1
E(T) | ) B (2.40)

—1 —1
T (E(Tk | ]:T,;jl) - kal)'
Next we observe that for all [,m € N (considering | > m and | < m in turn),
{7'1;1 <Iiin {7'];_11 <m}={n>k}n{m >k—-1} € Fp. (2.41)

It follows by (2.24) that {r; ' <1} € ]:71;11 for all [, and hence, that the random

variable 7 s in fact .7-"7;1 -measurable. Therefore, for k > 2,
-1

(U%k)Z =
By the strong law of large numbers, it immediately follows that for every ¢ > 0,

Z (Gizk)z = Z E((gizk)Q | -7:7-,;_11) d—b% l. (2'43)

k<nt k<nt

(' =7h)- (2.42)

Now write (taking M{ := 0)

Y= =\ "r My (2.44)

k<nt

Then Theorem 18.2 in [2] states that because (2.43) and (2.37) both hold,
Y™ =, W in the sense of D[0,00). In other words, we have shown that the
one-dimensional marginals Y converge weakly to Brownian motion. We now
want to extend this to weak convergence of Y = (Y! ... Y"d). The proof
of Theorem 18.2 in [2] shows that for each i the laws of the one-dimensional
marginals Y™ form a tight family. But since the product of compact sets in
DJ[0, 00) is a compact set, this implies tightness of the family of laws of the Y™.
It remains to show that all finite-dimensional distributions of Y™ converge to
those of d-dimensional Brownian motion.
To show this, we need the additional result that for ¢ # j and all n € N,

B((M . — MM, — M) | F,) =0. (2.45)

n

This can be seen by using (2.11) and noting that on the event {D,, - Dy, 41 # 0},
D,,+1 = —D,, whereas on the event {D,, - D,,;1 = 0}, D%+1D% takes on each of
the values &1 with equal probabilities. It follows that for ¢ # j and fixed n, the
&k, are martingale differences with respect to the filtration F.

Now fix s,t > 0. Define 1, as a&’, + bfik for k < |ns| and as bfik for
|ns] < k < |n(s+1t)]. Then, by (2.43) and because the ffmfik are martingale
differences,

Z E(n7y | .7-'7;11) 22 as b3 (s + t). (2.46)
k<nt

10



Therefore, by Theorem 18.1 in [2], aY™ + bYSTft =, aWi + bW? ¢, where
the W? are the one-dimensional marginals of d-dimensional Brownian motion.
Because this holds for all @ and b, by the Cramér-Wold argument (Y, Y,"/,) =,

(Wi, Wi ¢)- It is easy to see that this argument can be generalized to show that
all finite-dimensional distributions of Y™ converge to those of d-dimensional
Brownian motion. This completes the proof. O

3 The reinforced case
We now turn our attention to the reinforced case, where we set
L, = 1(T}, is odd) for all m € N. (3.1)

Thus, the lengths of the steps of the random walk are i.i.d. variables taking
values in {0, 1}. However, the directions of different steps are not independent.
Namely, the step following a step of length 0 may not have the same direction
as the previous step, and the step following a step of length 1 may not be in
the opposite direction of the previous step. All other choices of direction are
equally likely. Formally, the directions D,,, satisfy

_1
T 2d

and for all m € N and each i = 1,2,...,2d,

P(D; =e;) for each 1 = 1,2,...,2d, (3.2)

IP(Dm-l‘l =€ | Dm7Lm)
1 1
=—1(Dyp, isLlymn =0)+ —— 1(D,, # —€4, Ly =1). (3.3
571 L Dm # e )+ 57 1D # —e ). (3.3)
Equations (3.1)-(3.3) completely specify the law of the random walk defined
by (1.2). For the remainder of this section, we will denote this walk by W" =
(W7, W3, ...), where the superscript r is used to identify the reinforced case.
From (3.1), it may not come as a surprise that the quantity

p:=P(T is odd) (3.4)

plays an important role in the analysis of the reinforced case. In fact, if d =1
we see from (3.3) that the walk has a trivial behaviour if p = 1, since then it
keeps moving in the same direction. Let us therefore take the opportunity to
exclude this special case from the analysis for the remainder of this section, so
that we don’t have to repeat the condition that p < 1 if d = 1 all the time.
Note, however, that the case p = 1 is perfectly fine and nontrivial in higher
dimensions. Also, when we consider the time-changed walk W there will be no
problem in allowing P(7 = o0) > 0, where we may assume either that “T;, is
odd” is false, or that “T,, is odd” is true if T;, = oo, whichever one prefers.

11



3.1 Direct calculation of the diffusion constant

We will now compute the diffusion constant for the random walk W" defined
above. In terms of the parameter p = IP(T is odd), the diffusion constant is
identified by the following proposition.

Proposition 3.1. The diffusion constant of the random walk W7 is given by
i 1 d
C" = lim —B(WI]?) = 22
n—oo d—p

Proof. We start from the observation that

n—1n—=k

E(W;?) =np+2Y > B(Dm - Dtk Lin L), (3.5)

k=1m=1

where, since D,,, - Dp,1k Ly, is independent of Ly, ,
E(Dm - Dotk LinLint.) = PIE(Dy - Dotk Lin)- (3.6)

Now note that on the event F,; := {Dmik—1 - Dmir = 0}, Dy - Dinyi takes
on the values +1 with equal probabilities by (3.3). On the other hand, on
the complementary event E¢ , we have that Dy,+r = Dptr—1 (2Lm4k—1 — 1).
Therefore, again using independence,

E(Dm . Dm+k Lm) = E(Dm : D77L+k—1 Lm(2Lm+k—1 - 1) ]]-( 7an))

2p—1 (3.7)
= 2d — 1 E(Dm ' Dm+k:71 Lm)

Tterating this recursion and using (3.6), we obtain

k-1
2p —1
(3.8)
2 k—1
_ P 2p—1
2d—1 (2d1> '
Substituting this result into (3.5) yields
2p2 n—1 2]9 _1 k—1
12\ __ _
E(WF) =np+ ogr 3 (- ) (B
k=1 (3.9)
dp p?(2d —1) 2p —1\"
= —1].
nd—p+2(d—p)2 2d -1
The value of the diffusion constant for the random walk W™ follows. O
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3.2 Martingales for the reinforced random walk

The purpose of this subsection is to identify martingales associated with the
random walk W" introduced above. Our main observation is that if we add a
correction of constant length (but random direction) to the positions W, then
we obtain a martingale. To be precise, define

_pr
2(d—p)
and let {F,, : n € N} be the filtration defined by

M =W + D, (2L, -1) for all n € N, (3.10)

Fn:=0(D1,T1,Ds,Ts,...,Dp, Tp) for all n € N. (3.11)
The following proposition identifies two martingales associated with W7.

Proposition 3.2. Let C" be the diffusion constant appearing in Proposition 3.1.
Then {(M}, F,) :n € N} and {(|M;|> —nC",F,) : n € N} are martingales.

Proof. The key observation is that even though the direction D, itself depends
on D,, and L, the events F,1 := {D,, - D41 = 0} and its complement E¢, are
independent of the events in F,,, and have the probabilities (2d — 2)/(2d — 1)
and 1/(2d — 1), respectively. Moreover, on the event E,1, D, is distributed
symmetrically (orthogonal to D,), and on the event ES;, we have D, =
D,, (2L, — 1). Now observe that for all n € N,

M =M~ —P _poeL, -1
+1 Q(d—p) ( )
D
—— D, 2L,.1—1 Dyi1 L. 12
+2(d—p) +1(2Lng1 = 1)+ Dy Lngr. (3.12)

A simple computation then yields

E(MEy1 | 7) = B0 1B | £)+BOLL1ED | £)
= M. '

Likewise, for all n € N we can write

p? d

+
(d—p)? d-p

|Mr7;+1|2 = |M;|* + 2 L(Lpt1=1)

p p
— Dy M) —— (2L, — 1)+ Dpy1 - M, | —— (2Lp41 — 1) + 2L,
g L = )4 D M |7 (s~ 14 2L
__r
2(d—p)

A straightforward computation gives
E(|M£+1‘2 | fn) = ]E<|M£+1|2 ]l(Enl) | fn) +1E(|Mrrz+1‘2 ]l(Eﬁ,l) | fn)

dp_
d,

Dy Doty (2L, — 1) [d%? (2Lpi1 — 1) + 2Ln+1} . (3.14)

= MG +
(3.15)
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This confirms that the two processes of the proposition are martingales with
respect to the filtration {F, : n € N}. O

3.3 Connection with senile reinforced random walk

Like in the persistent case, the walk W can be interpreted as a senile reinforced
random walk sampled at the random times

=Y T forallneN. (3.16)

As before, we concentrate on the inverse time-change defined by

b i=inf{m € N: 7, >n} for each n € IN. (3.17)
We recall that the random times 7, are stopping times with respect to the
filtration {F,, : n € N}, and that Tn_l < n almost surely.

We may define the senile reinforced random walk S” on Z¢ by

Sp =Wy =D 1(r, -1 —nis odd) for all n € N, (3.18)

where 7_-1 = Z 1 Tin. Observe that indeed ST = Wy for all n € N, so that
we may mterpret WT as the senile random walk S” sampled at the times 7,.
Furthermore, by the definition (3.18), in between times 7,, ', and 7, !, the walk
S” jumps back and forth between the positions W) _; and W} Thus the senile
reinforced random walk S is a walk that traverses an edge back and forth for a
random time distributed like T', then selects a new edge at random and traverses
that edge for a random time again distributed like T', and so on.

As in the persistent case, this description gives us an interpretation of the re-
inforcement function f defining the distribution of the random times T;, in (1.1).
Namely, the walk S™ has the property that after it has been traversing the same
edge back and forth for the last n steps, it will choose to traverse that edge
again in the next step with probability (1 + f(n))/(2d + f(n)). Furthermore,
all other choices for the next edge are equally likely. This corresponds to the
original definition of the model in [4].

At this stage, we should note that the walk gets stuck on an edge in case
T, = oo for some n € N. For the remainder of this section, we will rule out this
possibility by assuming P(T" = co) = 0. However, we note that the following
proposition and proof hold perfectly well if IE(T) = oo, when we take division
by oo to yield 0.

Proposition 3.3. For the senile reinforced random walk S, the diffusion con-
stant is given by
dp cr

T _ 1 j—
nlinéoﬁ (19:%) = ET)d—p E(T)
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Proof. The proof proceeds in the same way as the proof of Proposition 2.3,
and is in fact somewhat simpler. First we want to express S” in terms of the
martingale M". By the definitions (3.10) and (3.18) we have for all n € N,
. p
Sp=M'+—-D_- (]l 7.-1 —nisodd) + —— (2L, -1 — 1 )
! " (7. ) 2(d—p) (2L, ) (3.19)
= M:_l + X:LV

where we have introduced X, to denote the difference between S” at time n
and M" at time 7,, 1. By the triangle inequality and Hélder’s inequality,

[E(s712 = M7 = 1XG2)| < 24/ B(M D) E(X;12). (3.20)
Since | X | is bounded by a constant, it therefore suffices to show that

C’I‘
E(T)

lim ~ (M) =

n—oo n

(3.21)

in order to prove Proposition 3.3.

But Proposition 3.2 and the fact that the 7, ! are stopping times with respect
to the filtration {F, : n € N} imply that {|M’ ,[> - 7,'C" : n € N} is a
martingale with respect to the filtration {F 1 : n € N} defined by (2.24).
Therefore,

lim 1E(|MTT;1 —— C’T) — fim © ]E<|M{|2 - CT) = 0. (3.22)

n—oo n n—oo N

The strong law of large numbers dictates that n=!7;1 2% E(T)~!, from which

we get by bounded convergence that n~'E(7,; ') — E(T)~!. Together with the
previous result this implies (3.21), proving the proposition. O

3.4 Weak convergence to Brownian motion

Weak convergence to Brownian motion for the senile reinforced random walk
can be shown in the same way as for the persistent case, studied in Theorem 2.4.
As before, we let D[0, c0) be the metric space of right-continuous real functions
on [0, 00) with left-hand limits, and we write W for Brownian motion and =,
for weak convergence with n. Of course, to get Brownian motion we need the
random walk to be diffusive, so by Proposition 3.3 we have to assume E(T) < oco.
Then, setting Sj := 0, the following holds:

Theorem 3.4. Assume IE(T) < oco. For everyt >0 and n € N, define

n._  JAET)
Zt = TC‘TSLT”J’ (323)

where CT s the diffusion constant of W" appearing in Proposition 3.1. Then
Z" =, W in the sense of D[0,00).
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Proof. For the senile reinforced random walk, the difference X, between S], and
M 7",1, as defined by (3.21), is uniformly bounded by a constant. Therefore, it

suPﬁces to prove weak convergence to Brownian motion for M T_l instead of 5.
As in the proof of Theorem 2.4, let us write Ml T 1 2 .,d, for the
one-dimensional marginals of M "_,. For each n € ]N " define

dE(T) .
&= o MTl_l i=1,2,...,d; (3.24)
i JAE) 1, i . o
=\ o (MTk_l _ MTk_jl) i=1,2,....d; k=2,3,... (3.25)

Then for each i, the £, form a triangular array of martingale differences with
respect to the ﬁltratlon Fi={F,-1:keN}L

By (3.12) it is clear that all random variables \/n|¢!, | are uniformly bounded
by a constant. We conclude that for every ¢ > 0 and t > 0,

> E((E)? Lg%l = ) —n 0. (3.26)

k<nt

Moreover, we can follow the steps (2.38)—(2.43) in the proof of Theorem 2.4 to
see that for every ¢ > 0,

D B(&w)? | Fro) St (3.27)

k<nt

If we now write, setting My := 0,

= Gy = néT) M, (3.28)

T bl
k<nt L)

then Theorem 18.2 in [2] states that Y™ =, W in the sense of D[0,00). In
particular, for each i the laws of the one-dimensional marginals Y™ form a tight
family, which implies that the family of laws of Y™ = (Y! ..., Y"?) is tight as
well. It remains to show that all finite-dimensional distributions of Y™ converge
to those of d-dimensional Brownian motion.
As in the persistent case, the result will follow if we can show that for ¢ # j
and all n € N,
E((M,, - M

n

)M — M) | F,) =0. (3.29)

This can be shown by using (3.12) and noting that on the event {D,,-D,,+1 # 0},
D41 = D, (2L,, — 1) whereas on the event {D,, - D, 1 = 0}, D}, DJ takes
the values +1 with equal probabilities. It follows that for ¢ # j and fixed n, the
¢, are martingale differences with respect to the filtration F. The proof
can now be completed as in the persistent case. O
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